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Prompt 1: Smear Evaluation myelomonocytic/monocytic differentiation, while acute lymphoblastic molecular studies

Pretend that you are a trained hematopathologist who has been asked to leukemia is less favored on morphologic grounds; morphology alone cannot  Supportive care includine tumor 1vsis * Potential in limited .
review this peripheral blood or bone marrow smear for a human patient. reliably establish the exact AML subtype. PP _ g Y Lo hematopathology access settings
prophylaxis and transfusion support as indicated

 Urgent hematology consultation e Ie. plug-ins

neoplasm and not a reactive process.

validation studies and expert oversight

Carefully examine the different features of each cell line, including Best next steps are urgent hematology management with CBC/differential,

platelets, white blood cells, and red blood cells. Are there too many or too CMP, creatinine, uric acid, phosphorus, calcium, LDH, PT/INR, aPTT, e All 3 LLMs reflected on the correct diagnosis
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marrow core/aspirate review, cytogenetics/FISH, and molecular testing, plus identified areas of fallure’ and pr0V1ded

abnormalities that you can detect? Please report your findings in 5 immediate supportive care for tumor lysis, bleeding/DIC, infection, and recommendations for improvement * Possible prompt sensitivity

sentences as follows: first describe the platelets, then describe the white leukostasis risk as indicated, with definitive induction strategy based on e Unclear external generalizabili ty to
blood cells, then describe the red blood cells, then describe your confirmed subtype.

differential diagnosis based upon your analysis of the peripheral blood real-world scenarios
smear, and then finally recommend best next steps to care for the patient,

any morphologic abnormalities in any of the cell lines? Any other
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AML-NOS 4/5 (80%) Acute myeloid leukemia | 1/5 (20%) No unifying 4/5 (80%) Acute myeloid leukemia
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summary of the key, recurrent morphologic findings across all smears, B-ALL NOS 4/4 (100%) Acute leukemia 3/4 (75%) Metastatic solid 4/4 (100%) Acute lymphoblastic American Society of Hematology.
state the most likely diagnosis that is common to all provided peripheral tumor leukemia/B-lymphoblastic ASH Image Bank

smears, and provide a detailed justification for your diagnosis, referencing leukemia hit ps: //ima g ebank hematolo gy.org /
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Prompt 3: Reflection
leukemia/lymphoblastic

The final diagnosis across the five slides is AML NOS. Please review your lymphoma

interpretations and reflect on why you got the diagnosis correct or wrong.

TOTAL 20/22 (91.0%) 12/22 (54.5%) 18/22 (86.4%)

FIGURE 1. Zero-shot, non-iterative inputted into 3 LLMs. TABLE 1. Percent correct in each acute leukemia category. A correct diagnosis was considered “acute leukemia.” Each LLLM produced a
unifying diagnosis after analyzing every image in each category. Correct lineage identified by the LLLM is in bold font.
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