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= A pretrained fransformer model was fine-
tuned on this MCL dataset to classify resistant
and sensitive cell populations.
= |nsilico perturbation analysis simulated gene
knockdown experiments to predict transifions
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= Through transformer-based model and in silico
perturbation, we identified novel fargets that
may overcome CAR-T resistance in MCL.

» Further validation is needed to translate these

Model training findings into clinical applications.

Discussion

This study demonstrates the power of transformer-
based deep learning models to uncover drivers of
therapy resistance in hematologic malignancies.
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