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Background and significance General Overview

o Laparoscopic elective splenectomy (LS) is commonly

performed for hematologic disorders

However, there is a size threshold above which Open
Splenectomy (OS) may offer superior clinical outcomes
than a laparoscopic approach.

o We identified weak correlation between the
traditional measure of splenic length and OR
time or EBL (r = 0.14 for each).

o However, our ML-derived features, including

o The size threshold at which OS should be considered is
not clear.

o Surgeons typically rely on single-axis, CT-derived
measurements of spleen length to guide clinical
decision-making.

o We developed and evaluated a fully automated,
machine learning (ML) driven model that created 3D
model of the spleen and tested anatomic features
that could predict operative difficulty in cases of
splenomegaly.

splenic cross-sectional area and splenic

3D reconstruction of Spleen volume showed improved association with
EBL and OR time.

o Representative correlations and the

segmentation workflow are provided (Figure
2).

Conclusion

o Our platform allows for efficient, machine
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b) Scatter Plot and regression line for Blood loss and Maximum axial area
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