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* Artificial intelligence (Al), particularly large language
models (LLMs), has garnered increasing interest for its
potential clinical applications.

 LLMs have been shown to produce appropriate
responses to questions in various medical fields.

 However, minimal data exists evaluating the use of LLMs
within the field of inguinal hernia repair (IHR).

 The aim of this study was to evaluate and compare the
accuracy and comprehensiveness of responses
generated by 3 popular LLMs to evidence-based clinical
guestions regarding the management of inguinal hernias.

* Questions were generated from recommendations with
strong levels of evidence included in the international
HerniaSurge guidelines for groin hernia management.

 Questions were categorized Iinto 4 clinical areas -
Diagnosis, Perioperative Care, Surgical Management,
and Other.

 LLM-generated responses to guestions were recorded
and blinded for review by 6 general surgeons.

 Response quality was graded using a 5-point Likert
scale:

Grossly factually inaccurate Accurate, cor_n'prehensive, and
or contradictory of addresses all critical components of

guidelines the clinical question

 Readability of LLM responses was evaluated using 6
validated readabillity formulae.
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Figure 1. Overall mean response grading Figure 2. Mean response grading by category

» Atotal of 30 questions were compiled, resulting in 90 LLM responses across the 3 models.
* On average, responses generated by CoPllot were graded significantly lower than responses generated by Gemini or

Chat GPT4 (Figure 1) (CoPilot: 3.75+0.99, Gemini: 4.35+0.82, GPT4: 4.30+0.89, p<0.001).

* On subanalysis by question category, Gemini and GPT4 outperformed CoPIllot In generating responses to questions

about Perioperative Care and Surgical Management (Figure 2).
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Figure 3. Readability scores

* This study demonstrated variability in the performance of
different Al-powered LLMs In generating appropriate
responses to questions about IHR.

o Gemini and Chat GPT-4 outperformed CoPilot overall,
particularly in questions regarding perioperative care
and surgical management.

* Readability was consistently difficult across all 3 models
o Reading levels ranged from college to college

graduate level

o Poses a challenge to accessibility given average
reading level in the US Is 6th to 8th grade

* Al tools such as LLMs have the potential to transform

healthcare workflows and provide patients with
adjunctive tools for obtaining health information.

« However, further research I1s needed to address

challenges to adoption such as improving accessibility
and optimizing accuracy.
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