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INTRODUCTION RESULTS

** ChatGPT Responses were dominated by top Google search results**
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* ChatGPT asked each question 20x
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* Text network analysis was performed, calculating cosine comparison of text
frequency inverse-document frequency (TF-IDF)
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Figure 1. Mathematical schema for generating the text network of vectors. Each Figure 2. The TF-IDF similarity and text networks for individualized websites and aggregate ChatGPT Information acquisition with the caveat that its utility may vary based on
text sample is represented as a node. Connections between nodes are weighted responses for (A_B) appendicitis’ (C_D) heartbu rn, (E_F) fecal biota transpla nt are shown. The existing evidence of the topic

based on strength of similarity, which is determined by the cosine similarity

score. statistical baseline was determined from textual similarity to a random generated text.
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