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Al implementation vs pre-Al deployment.
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Al implementation DOMINATES
pre-deployment (no Al) diagnostic imaging
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“-Data from real-world implementation covering different models
of deployment

2 Estimation of resources use and costs for implementation
activities and ongoing costs

“2Economic model and data collection framework for Al-specific

The study findings indicate value in further deployment of Al

@ Restrospective data collection for implementation costs

@Lack of long-term (post-diagnosis) outcomes data
positive cases Stronger evidence is needed to fully capture costs and health
outcomes upon which decision-makers rely

@Assumptions for delays and disease progression for false
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Al, artificial intellgence; AIDF, Artificial Intelligence Deployment Fund; ICB, integrated care board,; National Optimal Lung Cancer Pathway, NHS England, 2020.
NHSE, National Health Service England; QALYs, quality adjusted life years. https:/www.cancerresearchuk.org/sites/default/files/national_optimal_lung_pathway_aug_2017.pdf
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