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Neuroimaging workflows are often fragmented across multiple infrastructures, software tools, and skill sets, leading to inefficient and labour-intensive 
processes. Aesclepian Vision is a proof-of-concept platform designed to unify these components into a single, streamlined system. Written in streamlit and 
python integrated with a Linux (Debian) operating system and hosted on our radiology network, Aesclepian Vision integrates DICOM archiving from PACS and 
research scanners, automated BIDS standardization, and a user-friendly interface that seeks to enable on-site radiologists to run neuroimaging and AI-driven 
workflows through simple click-and-submit interactions. By consolidating established pipelines and custom segmentation tools for our compute restraints, 
Aesclepian Vision lays the groundwork for scalable, future-ready neuroimaging analysis.

Neuroimaging AI workflows are 
frequently fragmented across 

multiple software environments.

Manual preprocessing and 
environment configuration create 

significant technical overhead.

Dependency management and 
package incompatibilities reduce 

reproducibility and scalability

Imaging data often lack 
standardized organization for 

downstream AI analysis.

Translation of AI pipelines into 
practical research and clinical 

environments remains 
challenging.
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Conclusion and Future Work
Aesclepian Vision demonstrates a unified neuroimaging platform integrating DICOM ingestion, BIDS standardization, preprocessing, radiomics and proof-of-concept AI workflows within a scalable 
“click-and-submit” infrastructure designed for resource-constrained research environments. Though currently operating with low-resolution AI models due to compute restraints, future 
development will focus on deployment on higher-capacity GPU infrastructure, integration of validated high-performance public AI models on clinical data, expanded pseudo-labelling workflows 
and rigorous validation on private on-site datasets
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