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Background

-

\

e \We conducted a rapid evaluation of
Al in chest diagnostics funded by the
National Institute for Health and
Care Research (NIHR).

 This was a mixed methods
evaluation focusing on multiple
aspects of impact and
Implementation.
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Aim of this sub-study
/

\

e The aim of this sub-study was to
Identify challenges with the
quantitative evaluation and
their implications for monitoring
and evaluating the effectiveness
of live clinical Al interventions.
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Flowchart of x-ray processing with Al with an outline of data requirements
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Methods and materials

\

e Mixed methods rapid evaluation of 49
acute hospital trusts implementing Al for
chest diagnostics through initiatives
funded by NHS England between 2023 and
2025.

e Knowledge gathered from:

o 31 interviews with imaging network
teams, trust staff and Al suppliers.

o the processes of acquiring and
analysing quantitative data for eight
sites.
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Three modes for using Al:
1.No priority assigned, Al results only used
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to support human clinical decision
making.
2.lmages flagged by the Al as abnormal
are prioritised for clinical review.
3.Images flagged by the Al as high
confidence normal are reviewed by a
radiologist employed by the Al supplier.

Data challenges

\_ /
Other challenges affecting
* Many sites had difficulty extracting the data quantitative evaluation
required for a robust evaluation. Linkage
across data systems couldn’t be exploited. Where ch@enges were overcome e [mplementation varied between sites
o This created problems with measuring making it hard to generalise the impact
longer term impact of Al such as on of Al.
cancer occurrence. * One local imaging network was able to e |[nterventions were a combination of
o A general absence of pathway coordinate deployment across sites , a Introducing the Al and changes to the
Indicators meant that CT scans could unified platform for the Al and a central process or resourcing to accommodate
not be linked to prior chest x-rays with datarepositorywith relevant linkage. the Al. This made it difficult to unpick
certainty. the impact of the Al on its own.
o Qutcomes were not linked to relevant \- /
patient clinical histories.
e Al engagements were not always coded . Recommendations
9 e | ack of control groups. y
1.IT systems and data linkage need to be developed to enable the capture of relevant
RSET data and allow effective local monitoring of safety an at the outset.d performance.
Project findings  Project RSET newsletter 2.1T limitations should inform decisions to deploy at the outset.
slide set: webpage: webpage: sign-up:

3. Site-level monitoring is important to allow for the different ways that Al has been
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implemented.
4. Methods such as phased implementation within a site might mitigate lack of control

groups.
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This evaluation is independent research funded by the National Institute for Health and Care
Research (NIHR) Health & Social Care Delivery Research (HSDR) programme (2023-2028),
project reference NIHR156380. The views expressed in this publication are those of the
authors and not necessarily those of the NIHR or the Department of Health and Social Care
(DHSC).
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