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Conclusion
OncoBot demonstrates the potential of safe, guideline-
grounded LLM workflows for oncology practice.

e Following retrieval-constrained section selection, LINES
achieved comparable recovery with stronger traceability.

* Findings suggest safe guideline assistants should adapt
extraction strategy to document type: JuniorDoc for long
full-context guidance; LINES for tfocused retrieved sections.

JuniorDoc performed best in long full-context guidance,
while LINES supported traceable extraction after retrieval-
constrained section selection.

e Clinician evaluation of LINES demonstrated high clinical
relevance, with no major omissions and no hallucinated
guidance identified outside source documents.

These findings support constrained extraction as a safer
design direction for Al-assisted oncology guideline
navigation.



