Low- and middle-income countries Only 3.7 ophthalmologists per million
(LMICs) disproportionately bear

over 90% of the global burden of
vision loss and ocular disease.

What is needed?

OCOoONOO RN =

Hussien Abouzeid

-School of Medicine, St. George's University, Grenada

Akyol et al. [3] describe a 5-step system that

detects the optic disc using texture analysis and a
visual dictionary.90-95% accuracy was achieved

people in low-income countries

An electronic medical records registry- absent in most LMICs
Geographic information system mappings

Cooperation from local pharmacies, GPs, health workers, and diabetologists
Government funding- as well as NGOs, private health providers and donors
Quality metrics that measure the rate of referrals and treatment

Public awareness and incentivizing for attendance

Formal accreditation of graders

Strengthening of existing healthcare systems

Ethnic/ racial bias assessment
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Scaling Diabetic Retinopathy Screening in Low-Resource Settings:
The Role of Teleophthalmology and Artificial Intelligence

Wong et al. [1] describe a three-layer feed forward neural
network that detects the microaneurysms and haemorrhages
(Area under the curve: 0.97 and 0.92, respectively) and can

identify the different stages of diabetic retinopathy.

Imani et al. [2] describe a Morphological Component
Analysis (MCA) algorithm that screens for diabetic
retinopathy by analysing exudation. 92.01% sensitivity and
95.45% specificity were achieved.

Smartphone-based ophthalmic cameras!

A handheld condensing lens paired with a
smartphone camera can capture images at a
relatively low cost. )
Medios Al is an integrated offline system with a
smartphone-based, nonmydriatic retinal camera
to detect referable DR.. The sensitivity and
specificity were 100% and 88.4%, respectively.
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