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Background Meta-analysis of C-statistic

. ) i ) o . . . Meta-analysis of concordance statistics by drug exposure: internal validation
Various diabetic retinopathy (DR) prediction models include drugs as predictors. Drug exposure however is not Study (Drugs in model) C-statistic  SE osuci weight | \odels that included insulin (n=5) had a higher pooled

consistently assessed for model inclusion, with substantial variation identified in how drug exposure is coded. Basu 2017 (AHP and OAD) 0.6500 0.0102 065 [0.63:0.67] 9.5% C-statistic

Wang 2014 (AHP) 0.7320 0.0216 0.73 [0.69;0.77] 9.1% o
. | (C-statistic= 0.85, 95%-Cl: 0.78, 0.91).
Aims

We aimed to assess drug exposure handling, identify the drugs associated with DR by performing a network ((e’ Ogunyemi 2019 (insulin) 0.7560 0.0053 0.76 [0.75; 0.77) These findings were consistent in the external validation

Bora 2021 (insulin) 0.8100 0.0179 | 0.81 [0.78; 0.85]
Tsao 2018 (insulin) 0.8390 0.0491 - 0.84 [0.74; 0.94]

meta-analysis and determine which drugs enhance model performance by undertaking a meta-analysis. Li 2022 (insuliny 0.6780 0.0272 0.88 [0.62 0.93] meta-analysis (n=3).

Foshati 2019 (insulin) 0.9466 0.0133 0.95 [0.92; 0.97]

Methods Limitations include high risk of bias (high= 14, unclear=2,
We searched EMBASE, MEDLINE and SCOPUS from inception to July 2022. We evaluated the quality of studies Semeraro 2011 (insulin and OAD) - 07670 0.0162 077 073020 and low risk of bias =3) and heterogeneity.

Jo 2022 (insulin and antiplatelets) .
Oh 2013 (insulin and LL) 0.8300 0.0306 : 0.83 [0.77; 0.89]

using the Prediction model Risk of Bias Assessment Tool (PROBAST). We conducted network meta-analysis Zhao 2022 (insulin, AHP, LL) 0.9210 0.0039 0.92 [0.91; 093] Figure 2: Forest plots of C-statistic in internal validation by drug

(NMA) and a meta-analysis to estimate the odds ratio (OR) and pooled C-statistic, respectively (PROSPERO: exposure. CI; Confidence Interval, DR; diabetic retinopathy, SE;
Random effects model — 081 [0.76; 0.86] 100.0% Standard Error, OAD; oral antidiabetic drug, AHP;

Het ity: 12 = 99%, 1% = 0.0076, p < 0.01 | | | | . . . . .
CRD42022349764) * Teesﬂ‘?)?z:zlg)r/oup differences: xg = 9.3%, df=2(<0.01)05 06 07 08 0.9 1 ant] hyper’[enS]Ve, LL; l]pld—lowermg drug.

Results
Overview of the Prediction Model Development and Validation Process We included 19 records of 396,844
%j participants with type 1 or 2 diabetes, of
coltection =3 > @2‘ Model which 27,374 (6.7%) had DR. categatical

construction variable
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¢preparation 12 studies recruited type 2 diabetes A B l l 1
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Figure 1: Simplified overview of the prediction model development and of DR (OR=3.09; 95%-Cl:1.66, 5.76). - g
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validation process, including drug handling considerations.

Drug handling

model performance§)
Drugs included in the models were: 14 studies handled drug exposure as a categorical

insulin (n=15), antihypertensives (n=3), oral antidiabetics  variable, 2 as a continuous variable, and 3 included both Improving drug exposure handling could potentially unveil novel variables capable of significantly
(n=6), lipid-lowering drugs (n=5), antiplatelets (n=1). a categorical and continuous component. enhancing the predictive capability of prediction models.




	Slide 1

