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Introduction

Extraction of structured data from ultrasound reports is 

a critical but labour-intensive bottleneck in clinical 

imaging research, limiting scalability and 

reproducibility. Large language models (LLMs) offer 

the potential to rapidly transform unstructured 

narrative reports into analysable datasets. In this study, 

we evaluated the performance of three locally deployed 

LLMs in extracting structured data from endometriosis 

transvaginal ultrasound (eTVUS) reports.

Methods

• 49 eTVUS reports extracted by three LLMs: Llama3-8b, 

Mistral-7b and GPT-oss:20b

• All models hosted on a local server to ensure data 

security

• The same reports extracted by a human research 

assistant into the same structured spreadsheet, blinded 

to the LLM extraction

• An expert sonographer reviewed all extractions to 

assess for errors

• Individual cell coding correlated to assess for matches

Results

LLMs outperformed the human extractor on numeric 

and date fields. The human extractor outperformed 

the LLMs on text, categorical and Boolean fields 

(Figure 1).

98.40%
Human extractor accuracy (SD 2.13%)

86.02%   GPT-oss:20b (SD 6.87%)

80.53%   Llama3-8b (SD 4.58%)

78.89%   Mistral-7b (SD 4.68%)

Figure 1. Performance breakdown by data field type, LLM against the human extractor.

Take home message
LLM performance did not surpass human extraction, but the complementary error 

profiles support a hybrid human-AI workflow. LLMs can efficiently automate 

structured data generation and highlight inconsistencies, while human oversight 

ensures semantic accuracy. This approach has the potential to substantially reduce 

manual workload and enable scalable, high-quality dataset generation for imaging 

research.
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