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Introduction Background

In England, individual healthcare providers collect, manage and store their own patient and staff data. Some of 
this data is collected via a nationally procured software1,2 or a software that a lot of other organisations use. 
This routinely collected data is not often accessed at the local level and analysed at scale using modern 
analytical techniques. We proposed to access local, anonymised data from multiple organisations to explore 
staff retention and things that impact on safety.

To do this as part of a research project, approval from the Health Research Authority was needed.
There were significant challenges to doing this. We outline some of those here.

The NuRS project ran across 8 years, and drew on data from five NHS 
Trusts spanning Acute, Mental Health, Community and Emergency care.  
Here we document the top level learning from engaging a wide breadth 
of Trusts around their digital solutions, and hope to provide guidance of 
where health care providers face challenges. 

Conclussions

Taking data from trusts to be able to explore relationships and a more local level presents challenges. The amount of 
resource required to get the approvals in place, negotiate access and undertake the transfer is disproportionate to the 
time spent analysing but yields beneficial outputs. More work is needed to explore the utility of this data for analysis in-
house, removing some of the barriers and challenges experienced here.
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Results

When is data ‘anonymous’

‘Fear’ of GDPR

Data entry is non-
automated 

Systems are built for 
observation not analysis

Data solutions lock down 
their backends

Checking data manually is 
impractical

Operational data handled 
like patient data

HRA oversight was 
confused

Variability in processes

Trusts would approve and review studies differently, placing different 
demands on the research to meet internal policy and procedure

Treating anonymised data like personal data caused additional 
demands on data use and security that were not legally required. 

Research active areas of the Trust are used to patient facing research.  
The procedures and practices are designed for highly protected data, 

but operational staff data is no different to any other industry.  

Personally identifiable data (PID) can be removed if it can be 
recognized, but when does a combination of demographics become 

‘identifiable’ and what secondary data might be available? 

Despite sign off by appropriate legal bodies, Trust governance teams 
remained reticent to comply.  

Ready supply of free form text, or using un-documented taxonomies 
for data storage. 

The more humans are involved in data generation, the more space 
there is for  mistakes, and hence the more data quality assurance is 

needed. 

Few of the data solutions are designed to be inter-operable.  The data 
is limited in scope despite often being stored in Trust servers. 

Variation in configurations

Two trusts might use the same solution, but can have it configured to 
store data in different ways, draw on different taxonomies or use 

varying unit of analyses.

While a data controller might be able to check 100s – 1,000s of rows of 
data, checking 1,000,000+ rows is impractical.  We need tools for 

carrying out regular checks like PID.
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Variance
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Factors
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