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Dependance on EMR for patient communication has risen since LLMs are able to provide
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respond to patient questions has become popular since its creation. - - -

P P . POP LLM LLM nE LLM -1 1 question and all three responsesin a visual component.
? 0 2 blinded format and asked to grade each
Studies have proven reliability of LLMs to address questions . — , _ response on a scale of 0-3 with 0 bein
IV Wi Fr)] | X y| inf A 3 : h Provider ] . Provider e m * Provider I * ther\)/vorst score and 3 being the best ; In terms of empathy, LLMs
accurately with low rates of false information.> To date, there are . Sossible seare. ChatGPT 4.0 scored wel erformed similarly to roviders
no studies in utilizing LLMs to response to image-based patient A KDocs d kD § in all three domains tested and was P n Y 1O pre
guestions in breast surgery. Adding this functionality could ARSHEOes HAshDocs — ~  superior to online provider responses to when addressing patient
further alleviate provider burden ! | | | each question. Responses from a guestions. This demonstrates
. , | . . .
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METHODS Score an unfeeling, robotic
p-value * < 0.05; **< 0.001 Interaction. Furthermore, using
Question Selection:34 | | | an LLM In practice will likely not
Patient questions were sourced from the Reddit forum r/AskDocs Rank Provider Age Years 1n Practice negatively impact levels of
using terms like “plastic surgery,” “cosmetic surgery”, and “plastics”. | ® z:i ® 1-4 satisfaction.
Only questions with images and responses from verified physicians, - erLeLG'\fstggai reatr;/‘;eei highest among alll .o 2 fl- 1*115
nurse practitioners (NPs), or physician assistants (PAs) were used. 0 | | o 16.20 LLMs could be integrated into
* e Providers asked to rank each response from - clinical practice to aid in
Al and Provider Response Generation: 1 | ! | best (1) to worst (3). ChatGPT 4.0 and the iati i
. e . P L . plastic surgery provider both out-ranked alleviating provider workload
De-identified questions were entered into a new ChatGPT 4.0 session online provider responses. Additionally, and thereby reduce burnout
for individual responses. The same questions were given to a clinic PA 2 ChatGPT responses outranked the plastic
who handles patient inquiries, simulating real patient interactions. ; surgery provi_?!er responses, although this
was not signiricant.
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e Integration of LLMs as “chat bots” into clinical practice

e Pre- and post-operative instructions, personalized to each surgeon

e Responding to common patient questions, including image-based guestions, with responses that
t <sowme nfomaton [ 1 ooes ot aderess feings bt align with each provider's preference and match advice that they would typically provide.

2: >50% true information 2: Mirrors patient feelings 2. Completely answers
3. Completely accurate 3: Anticipates/infers patient feelings 3: Provides additional information
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