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INTRODUCTION METHODS RESULTS CONCLUSIONS

Background Data Key Findings * GIF robust to de-identification.

» Sharing of structural MRI important for open science. » Atlas priors: SABRE 101 T1-weighted scans. » GIF parcellation remained consistent across methods. « Best de-identification method depends on atlas-

- Facial anatomy may reveal participant identity. « Evaluation: ADNI-3, 150 participants (50 healthy; 50  PyDeface performed best, with the highest Dice and based software and experiment aim.

. De-identification improves privacy but may alter mild cognitive impairment; 50 dementia). lowest HD95 across all aggregated regions. * Method-specific de-identification recommended
anatomy. Experimental design - Raw input outperformed defaced input. for open-source release of atlas-based tools.

. Atlas-based parcellation accuracy affected. « De-identification methods: PyDeface, MiDeFace, * mri_reface and SynthStrip showed larger drops with

Motivation mri_reface, SynthStrip. defaced input.

« Defaced atlas priors generated from SABRE scans.

* Reliability of open-source atlas-based software after

anonymisation.  GIF parcellation tested with raw AI?NI scans and Mothod Preprocessing Dice Coefficient Volume Similarity Hzgiiolggr?ézz;r:e
 Quantifying de-identification effects on GIF _Tl_eftacded ADNI;Z?;I:I’:C"_OSS 156 regAII;rI\‘ITI (T is better) (T is better) (1 is better)
parcellation. E ‘TS ea on raw SIS AT AN Szl MiDoFace | Defaced Atlas + Raw Input | 0953 [0.928, 0.965] | 0.989 [0.979, 0.993] | 0.475 [0.185, 1.327
Aim valuation Defaced Atlas & Input 0.953 [0.933, 0.965 0.989 [0.980, 0.993 0.465 [0.184, 2.151
* Dice, volume similarity, and 95th percentile NS ' ' ' ' ' '
. Evaluation of the effect of de-identifcation on. GIF _ y P i reface | Defaced Atlas + Raw Input | 0.947 0.925, 0.960) 0.987 [0.978, 0.992] 0.655 [0.287, 2.563]
P Hausdorff distance. Defaced Atlas & Input 0.909 [0.895, 0.926] 0.974 [0.968, 0.980] 1.035 [0.921, 1.126]
prelfElete Y - . Volume-weighted metrics over 5 aggregated deface | Defaced Atlas + Raw Input | 0.976 [0.974, 0.979] | 0.997 [0.997, 0.998] | 0.029 [0.015, 0.058]
* Identification of best de-identification method for regions + overall. By Defaced Atlas & Input 0.976 [0.974, 0.979] | 0.998 [0.997, 0.998] | 0.029 [0.013, 0.057]
open-source atlas-based software release. . Wilcoxon signed-rank tests with FDR correction. synthstrip Defaceg. Atlas + Raw Input | 0.916 0.899, 0.927 0.969 [0.962, 0.975] 1.696 [1.347, 2.169|
Defaced Atlas & Input 0.875 [0.855, 0.895] 0.964 [0.958, 0.970] 1.585 [1.332, 1.762

Table 1: Parcellation performance across de-identification methods and preprocessing configurations. Bold values indicate
the best performance for each metric.
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Figure 2: Experiment Pipeline brain and distinct anatomical regions.
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