Integrating Multivariate Biomarkers And High-dimensional 4 cowwsi vsvesims
Multi-omics Data To Identify Integrative Aging Subtypes = ™™

Boyi Hu', Yuanjia Wang?, Annie J. Lee
'Department of Neurology, Columbia University, USA 2Department of Biostatistics, Columbia University, USA

LCYRELCEVEVE
« We developed MV-Clust that integrates high-dimensional multi-omics with multivariate plasma biomarkers to identify biologically and clinically meaningful subgroups.
 In the EFIGA study, MV-Clust identified four subgroups with distinct molecular profiles, clinical characteristics, risk factor associations, and dementia prevalence.
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