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Key Take Way

Frequency domain analysis of hippocampal MRI significantly improves early Alzheimer’s (EMCI) detection, while distance correlation captures
non-linear dependencies to achieve perfect group separation. These robust metrics establish a highly effective feature-extraction pipeline for

downstream machine learning and non-invasive clinical diagnosis.
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(B) Implementation stages of 3D-FFT and diagnostic classification.



mailto:dcamirhoseinnsl@gmail.com

	Slide 1

