Flexible Amyloid-tau Coupling Improves Tau Pathology Prediction In
Alzheimer's Disease
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1 - Background Weighted Fisher-Kolmogorov-Petrovsky-Piscounov (WFKPP) [2] 2 - Methods / Data
» Network spreading models simulate The spreading model with a logistic growth term and amyloid weighting + We use ADNI data for all analyses (Table 1).
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coupling parameter controlling the Figure 1 — Network spreading models. ’
maximum influence of regional weights Table 1 - Participant demographics.
on local pathology production. 4 - Results
CN = Cognitively Normal; MCI = Mild Cognitive
« Both individual-level (Figure 2) Impairment; DEM = Dementia
3 - Methods / Models and group-level analysis (Figure  Best-Fitting Model — Per Cohort 5 - Conclusi
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pathology group versus WFKPP. improves personalised tau forecasting for amyloid-

positive individuals, supporting a key role of amyloid-
modulated tau production during early-to-
iIntermediate pathology stages.
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* Each model was seeded at one bilateral additional parameter is only =

epicentre at maximum pathology and warranted in amyloid-positive =

zero elsewhere. Amyloid-weighted individuals, where SSE is reduced Ol = - 0
models use subject-specific amyloid by 17-25%.

SUVRs as regional production weights.
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* Model performance was assessed
between measured and predicted tau 100
regional values at the optimal timepoint
using sum-of-squared error (SSE) and
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Figure 2 — Individual data: best- Figure 3 — Group averaged data: SSE &
fitting model by group. AICc comparison.

Data used in this work were obtained from the Alzheimer’s Disease Neuroimaging Initiative (ADNI)

declan.mcalinden.24@ucl.ac.uk database (adni.loni.usc.edu). For up-to-date information, see www.adni-info.org.
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