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• Traditional Supervised Learning 
- Pros: strong learning capability 

to extract common pattern on 
easy samples

- Cons: struggle to handle hard 
samples with sparse or noisy 
features
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Ours: the superiority in F1 score, demonstrating the effectiveness of combining 
the strengths of traditional SLs and LLMs in risk prediction.

* Data from Oregon Health & Science University (OHSU) Hospital

Performance of easy/hard samples

Impact of LLM Model Size/Medical Data Fine-tuning

Study on Different Denoising Strategies in ICL

Fine-tuning does not always improve the target task’s performance 
Better performance can be achieved even with small models 

    Denoising strategies significantly enhance the performance of ICL

• LLMs (In-context Learning)
- Pros: strong reasoning power 

to handle hard samples given the 
specific context

- Cons: struggle to capture common 
pattern with limited context

Confidence-driven Collaboration between Supervised Learning Models and LLMs
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