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INTRODUCTION METHODOLOGY

RESULTS

Brain age is an emerging imaging biomarker for early detection of
neurodegenerative disorders, based on the estimation of the brain’s biological
age.
Deviations of brain structure and function from expected chronological age, which
is known as Brain age gap (BAG), is considered a sign of pathological ageing.
Existing predictive models are predominantly trained on Global North (GN)
neuroimaging data, limiting their sensitivity when applied to underrepresented
populations due to geographic, imaging scanner, and biological heterogeneity.
We investigated this bias by adapting the standard Gaussian Process Regression
(GPR) prediction method to a population-specific (PS) brain age model.

CONCLUSION REFERENCES

This work demonstrates that equitable and accurate
brain age assessment in underrepresented populations
is achievable but requires a deliberate use of
population-specific data for model training and the
application of bias correction to ensure a clinically valid
biomarker.
It highlights that the future of global brain health does
not depend on universally applied ‘one-size-fits-all’
models, but on an ecosystem of validated, population-
aware tools.
With the expansion of imaging data beyond Nigeria
through the Africa Neuroimaging Archive (AfNiA), we will
further develop the PS model to identify individuals with
accelerated brain ageing for early intervention in at-risk
adults.
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