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KEY TAKEAWAY:. ADualNet integrates synchronized TUG-DT video and speech to screen cognitive impairment, with AdaBoost AUROC 0.893 and interpretable gait, speech-task and demographic
features.
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Need: Low-cost tools are needed to triage older adults for specialist cognitive or
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False-positive rate

Continuous MoCA prediction showed moderate out-of-fold association; linear

AdaBoost ranked first, followed by random forest, SVM (RBF) and decision tree. regression and random forest had the lowest errors.
FEATURE DOMAINS Held-out predictions favored high precision with moderate sensitivity.
MoCA regression supported a convergent association with continuous cognitive
Gait Scores.
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and error pattern and asymmetry Model : : : : _
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