n . A n o 0 a - ALZHEIMER'S Q) ASSOCIATION'
d ad g d d . . .
a a a a a o = '-” AAIC 26
JUCL ; 0 ~/5a 4
a a
AtINg 3 ;
(_J
. L/ . . - . - = . = — S _—”——‘
- B10, Zaragoza, Speae >

KEY TAKEAWAY: Hierarchical Al constrains generative diffusion models to

obey known biology, enabling realistic, high-throughput in silico screen for
single and combination therapies to reverse Alzheimer's disease states.
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