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A 500x bootstrap-bagged Explainable Boosting Machine (EBM) trained on N=4,345 routine screenings (Singapore & Malaysia) predicts Digital Brain Function Screen (DBFS)
cognitive score from self-reported lifestyle and demographic context (R%=0.554, r=0.744, RMSE=21.6). Cognitively stimulating activity (~14 pts) and education (~7 pts) show the largest
feature-response spans, with transparent per-patient explanations supporting structured clinician-led lifestyle counselling.
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