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FedFound represents a significant advancement toward the development of a generalized foundation model for brain morphological connectome

analysis. It offers a scalable and interpretable framework that bridges radiological expertise, machine learning innovation, and clinical relevance.
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» Existing foundation models
often neglected the disease
information and the potential
in fostering interdisciplinary
collaboration to uncover the
complicated patterns across
disease etiologies.

diverse subjects to capture
lifespan individual variability.

FedFound employs federated

learning for supervised
refinement on disease-
specific datasets, promoting

robust representation
learning across etiologies.

2(b) based on FedFound
further revealed disorder-
relevant morphological
alterations, with prominent

patterns N orbitofrontal,
temporal, and supramarginal
cortices across
neurodegenerative disorders
(e.g., AD, PD, and FTLD).

neurodegenerative diseases.

Results highlight its potential
to support  collaborative,
neuroimaging studies and to
advance reliable,
generalizable diagnostic tools
for Alzheimer’'s disease and
related disorders.

generative models." |[EEE
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